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Abstract

Annotating terms referring to aspects of disabil-001
ity in historical texts is crucial for understand-002
ing how societies in different periods conceptu-003
alized and treated disability. Such annotations004
help modern readers grasp the evolving lan-005
guage, cultural attitudes, and social structures006
surrounding disability, shedding light on both007
marginalization and inclusion throughout his-008
tory. This is important as evolving societal atti-009
tudes can influence the perpetuation of harmful010
language that reinforces stereotypes and dis-011
crimination. However, this task presents sig-012
nificant challenges. Terminology often reflects013
outdated, offensive, or ambiguous concepts that014
require sensitive interpretation. Meaning of015
terms may have shifted over time, making it016
difficult to align historical terms with contem-017
porary understandings of disability. Addition-018
ally, contextual nuances and the lack of stan-019
dardized language in historical records demand020
careful scholarly judgment to avoid anachro-021
nism or misrepresentation. In this paper we022
introduce an annotation protocol for analysing023
and describing semantic shifts in the discourse024
on disabilities in historical texts, reporting on025
how our protocol’s design evolved to address026
these specific challenges and on issues around027
annotators’ agreement.028

1 Introduction029

Language constantly evolves and adapts to speak-030

ers’ communicative needs and socio-cultural031

changes; understanding these shifts is crucial for032

grasping the dynamic nature of language and its033

intricate relationship with social and cultural phe-034

nomena. The semantics of words of a language035

shift due to influences from social practices, events,036

and political circumstances (Keidar et al., 2022;037

Castano et al., 2022; Azarbonyad et al., 2017). The038

functioning and disability of individuals,1 such as039

1WHO disability classification standards.

those affecting their cognitive, developmental, in- 040

tellectual, mental, physical or sensory functions, is 041

a key area of study pursuing equitable access in 042

society, and in which language is in constant mo- 043

tion: inappropriate use of language can contribute 044

to the perpetuation of stereotypes, discrimination, 045

and stigmatization (Andrews et al., 2022). For ex- 046

ample, the word “lame” was historically associated 047

with physical disabilities affecting a person’s abil- 048

ity to walk or move normally; but over time, it has 049

semantically changed to mean “socially inept or 050

out of touch” (Oxford University Press, 2024b), 051

shifting meaning from a physical disability context 052

to a more casual and potentially derogatory usage. 053

Therefore, development of techniques to annotate 054

such semantic change within the disability domain 055

is essential for ensuring accurate interpretation and 056

fostering a deeper understanding of historical texts. 057

Without such methods, there is a risk of misrep- 058

resenting or overlooking the evolving meanings 059

and social implications of disability-related terms 060

across different historical contexts. 061

In Natural Language Processing (NLP), the 062

task of Semantic Shift Detection (SSD) focuses 063

on detecting, interpreting, and assessing poten- 064

tial changes in the meaning of words over time 065

(Montanelli and Periti, 2023). The International 066

Workshops on Semantic Evaluation (SemEval) 067

(Schlechtweg et al., 2020) and Ever Evolving 068

NLP (EvoNLP2) have proposed various tasks and 069

models. In the Semantic Web, ontology evo- 070

lution (Stojanovic, 2004) studies how and why 071

ontologies and knowledge graphs change over 072

time; various works have proposed models based 073

on heuristics (Stavropoulos et al., 2019) and ma- 074

chine learning models for semantic change in 075

biomedicine (Pesquita and Couto, 2012) and gener- 076

alised domains (Meroño-Peñuela et al., 2021), with 077

some studies looking into the impact of seman- 078

2https://sites.google.com/view/evonlp/home.
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tic change on reasoning and hierarchies (Pernisch079

et al., 2019, 2021). As explained in previous080

works (McGillivray et al., 2022; Hoeken et al.,081

2023), changes in language semantics over time082

can influence what is considered offensive. How-083

ever, to the best of our knowledge no existing work084

facilitates resources for semantic change over large085

time spans (as these changes can be slow), consider-086

ing both textual and semantic representations, and087

addressing discriminatory and harmful language in088

disability.089

In this paper, we propose an annotation proto-090

col for the analysis and evaluation of semantic091

change in the disability domain, which is built on092

two rounds of iteration. Our approach involves de-093

signing an annotation framework to capture both094

the descriptive and offensive nuances of histori-095

cally relevant disability-related terms, accounting096

for their evolving connotations across different his-097

torical and social contexts. This includes structured098

guidelines for annotators to assess the perceived099

offensiveness, descriptive intent, and type of dis-100

ability referenced in each instance. We present101

the quantitative and qualitative analyses on anno-102

tation disagreement that highlight the importance103

of capturing the nuanced and subjective nature of104

disability-related discourse, and discuss the four105

main challenges in annotating disability-related dis-106

course over time.107

2 Background and Related Work108

There are several previous studies directed towards109

the evolution of disability terminology across var-110

ious mediums, including media representations,111

scholarly publications, and broader social dis-112

course (Ferrigon and Tucker; Simon, 2017; Aus-113

lander and Gold, 1999). Importantly, these stud-114

ies show the changing landscape of disability dis-115

course, its impact on societal perceptions and at-116

titudes, and the dynamic nature of language and117

its role in shaping perceptions of disability within118

diverse contexts (Andrews et al., 2022).119

A number of research projects have addressed120

the issues of bias and representation in historical121

texts, developing several resources that focus on122

the language and portrayal of disability (Rahman,123

2024; National Center on Disability and Journal-124

ism, 2021; DE-BIAS Project consortium, 2025).125

These initiatives aim to highlight and mitigate the126

marginalization of disabled individuals in histori-127

cal records by providing analytical frameworks and128

lexical resources that bring attention to the social 129

and cultural contexts in which disability-related 130

terms were used in the past and how they should 131

be used today. 132

Within the research area of Semantic Shift Detec- 133

tion, benchmark datasets and text corpora capable 134

of supporting the analysis of word meaning change 135

over time have been developed (cf. McGillivray 136

et al. (2023) for an overview and Marongiu et al. 137

(2024) for a discussion of this task in the context 138

of semantic change research). The SemEval 2020 139

dataset (Schlechtweg et al., 2020) contains a mul- 140

tilingual set of annotated sentences from English, 141

German, Latin, and Swedish historical texts; other 142

gold standard datasets exist (Rodina and Kutuzov, 143

2020; Zamora-Reina et al., 2022). These datasets 144

were all annotated by human experts, which en- 145

sures a high level of accuracy and contextual un- 146

derstanding—particularly important when dealing 147

with nuanced and historically contingent language, 148

but it is also a time-consuming and labor-intensive 149

process. Ridge et al. (2024) present a dataset of 150

historical British newspapers from the 19th century 151

where the contexts of a number of terms related to 152

vehicles were annotated with their meaning via vol- 153

untary crowdsourcing, leveraging the scalable, col- 154

lective effort of non-expert contributors. While ex- 155

isting annotated datasets constitute a promising av- 156

enue for studying semantic change and improving 157

the understanding of historical language use, the 158

existing resources solely utilize corpora amassed 159

from general domains. As a result, they often over- 160

look specialized areas such as disability discourse, 161

where terminology carries distinct social and cul- 162

tural significance that requires focused analysis. 163

3 Data Sources 164

For designing the annotation protocol for measur- 165

ing the semantic change in the disability domain, 166

we selected texts for annotation from Gale’s His- 167

tory of Disabilities: Disabilities in Society, Seven- 168

teenth to Twentieth Century3, a collection of mono- 169

graphs, manuscripts, and ephemera documenting 170

disability history (17th-20th centuries) through per- 171

sonal memoirs, accounts of care and rehabilita- 172

tion, advocacy efforts, and policies impacting indi- 173

viduals with disabilities, thus examining society’s 174

evolving perceptions of disability. Additionally, 175

we collected an initial list of terms used to refer to 176

3Gale’s Disabilities in Society, Seventeenth to Twentieth
Century Collection.
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disabilities from Wikipedia4 and the Disability at177

Stanford project.5178

4 Annotation Protocol179

The purpose of the annotation is to trace the evo-180

lution of selected terms related to disabilities over181

time in historical texts. We conducted two annota-182

tion rounds to assess the quality of the sources and183

refine the annotation protocol. The pilot round was184

carried out by a team of five annotators working in185

Digital Humanities and Natural Language Process-186

ing and from career levels ranging from doctoral187

students to senior lecturers. The aim of this pilot188

was to assess the quality of the source texts for the189

annotation task at hand. The annotation protocol190

was built and refined based on the feedback given191

by participants in the pilot.192

In the first version of the protocol, each annota-193

tion line displayed a focus sentence with the disabil-194

ity term (one of the selected terms) in bold, along195

with the sentence before and after it for context. An-196

notators were tasked to choose from a drop-down197

menu whether the term was ‘Derogatory’, ‘Not198

derogatory’, ‘Not referring to a disability’, or ‘Un-199

clear due to illegible OCR’—a necessary option200

given the limitations of historical documents. If201

the term did refer to a disability, annotators also202

indicated whether it referred to a ‘mental’ or ‘phys-203

ical’ disability. This distinction was important for204

understanding how different types of impairments205

were perceived and treated historically, as societal206

attitudes and institutional responses often varied207

between mental and physical disabilities.208

Feedback from the pilot annotation round re-209

vealed several important insights and challenges210

that guided the updates to the following round of211

the protocol. Annotators noted, for example, that212

demented often appeared in medical texts to clas-213

sify individuals deemed “mentally insane" by his-214

torical standards. Though medically framed at the215

time, the term would now be seen as stigmatiz-216

ing. Similarly, Downie was sometimes used as217

a personal name rather than a reference to Down218

syndrome, and in certain cases, it appeared in af-219

fectionate or familiar contexts—underscoring the220

importance of contextual interpretation.221

The term cripple also prompted discussion222

among annotators. While it was sometimes used de-223

scriptively in medical contexts, it often appeared in224

4Wikipedia list of disabilities with negative connotations.
5Disability at Stanford project.

passages reflecting harsh or dehumanizing attitudes. 225

These examples highlighted the limitations of a bi- 226

nary classification (Derogatory vs. Not deroga- 227

tory), which could not capture the nuance of tone 228

and intent. Annotators also found the mental vs. 229

physical distinction for disability types too narrow, 230

noting that many instances involved cognitive or 231

sensory disabilities (e.g., blindness, deafness) that 232

fell outside these categories. 233

Based on this feedback from the pilot, we modi- 234

fied the protocol to better account for the historical 235

and contextual subtleties encountered in the data. 236

Again, each annotation line presents a focus sen- 237

tence with the disability term highlighted, preceded 238

by the sentence before it and the sentence after. The 239

annotation consists now in choosing from the drop- 240

down menu the best category to which the term can 241

be assigned according to the following dimensions. 242

The first decision annotators make is to deter- 243

mine whether the term is used as part of a ‘formal 244

diagnosis’ or within ‘common language’. This dis- 245

tinction helps clarify whether the term is function- 246

ing within an institutionalized medical discourse or 247

in more casual, everyday speech. 248

Next, annotators assess whether the term is used 249

with a ‘descriptive’ or ‘offensive’ intent. To capture 250

varying degrees of offensiveness and contextual 251

appropriateness, we implemented a graded scale, 252

allowing annotators to position the term along a 253

five-point scale: 254

1. Neutral/Descriptive: Factually descriptive 255

and still acceptable in contemporary usage. 256

2. Outdated but Neutral: Historically accepted 257

and descriptive, but now considered outdated 258

or replaced by person-first language. 259

3. Mildly Pejorative / Stigmatizing: Sometimes 260

used negatively but not inherently offensive; 261

may reflect stereotypical or patronizing atti- 262

tudes. 263

4. Strongly Pejorative / Insulting: Clearly used 264

offensively or with dehumanizing intent. 265

5. Highly Offensive / Dehumanizing: Explicitly 266

used as a slur or in oppressive, violent, or 267

cruel contexts. 268

This graded scale was introduced to replace 269

the earlier binary classification of ‘Derogatory’ vs. 270

‘Not derogatory’, which proved inadequate in cap- 271

turing the nuances of language and intent found in 272

historical texts. With a more granular approach we 273

acknowledge that offensiveness exists on a spec- 274

trum and is deeply influenced by context, authorial 275
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intent, and audience perception—particularly in276

diachronic corpora.277

Further, if the term in context refers to a disabil-278

ity, annotators are asked to mark the ‘Type of Dis-279

ability’ it pertains to. Annotators can select from280

cognitive, sensory, and/or physical categories. This281

refinement allows us to better track how different282

forms of disability were represented and discussed283

over time, and how terminology may have shifted284

in relation to different kinds of impairments.285

Finally, in an optional comment field, annotators286

can explain their decision or provide additional287

observations. These qualitative notes are crucial288

for later analysis of annotation disagreements and289

for understanding the reasoning processes behind290

individual annotations.291

5 Annotation Process292

In the pilot annotation round, we examined four293

terms (henceforth referred to as “keywords”): ab-294

normal, cripple, demented, and downie. These295

were chosen for their historical relevance to disabil-296

ity and their shifting meanings and acceptability297

over time. The selection balanced terms referring to298

physical disabilities (cripple, downie) and cognitive299

or mental ones (abnormal, demented) to explore300

varied linguistic representations.301

Abnormal, derived from Latin abnormis (“irreg-302

ular”), was commonly used in 19th- and early 20th-303

century clinical texts to describe physical or mental304

deviations from a perceived norm. Though often305

descriptive, the term has accumulated negative con-306

notations, reinforcing ideas of deviance and stigma.307

Cripple once served as a general descriptor for308

individuals with physical disabilities, especially309

mobility impairments. While historically common310

in both medical and everyday language, it is now311

widely viewed as offensive due to its reductive312

and dehumanizing implications. Some activists313

have attempted to reclaim the term in recent years314

to subvert its derogatory implications (Wikipedia315

contributors, 2025).316

Demented, from Latin demens (“out of one’s317

mind”), was used in medical contexts to describe318

cognitive and psychiatric impairments. Though319

originally clinical, it has since acquired derogatory320

connotations and is often used pejoratively in mod-321

ern speech.322

Downie, a colloquial term sometimes aimed at323

individuals with Down syndrome, appeared in both324

derogatory and affectionate contexts. However,325

its frequent use as a personal surname made an- 326

notation difficult due to ambiguity and low inter- 327

annotator agreement. 328

In the first round of annotation, for each key- 329

word, we selected three textual excerpts from 330

monographs and one from manuscripts through 331

advanced search throughout the Gale’s History of 332

Disabilities collection (as described in §3). This 333

approach aimed to capture both institutional and 334

personal uses of the terms while accounting for 335

sources’ distributions. 336

In the subsequent annotation round, we excluded 337

downie from the dataset due to its ambiguity. Most 338

occurrences were personal surnames unrelated to 339

disability, resulting in non-relevant instances and 340

inconsistent annotator agreement. Additionally, the 341

limited context in some documents made it difficult 342

to determine whether the term was used derogato- 343

rily or descriptively. As a result, we selected the 344

word blind for further analysis. The term blind has 345

a long history, originating from Old English mean- 346

ing “sightless” or “obscured” (Oxford University 347

Press, 2024a). Historically, blind was commonly 348

used to describe individuals with significant visual 349

impairments. Although originally a neutral descrip- 350

tor, modern disability discourse has raised concerns 351

about its use, particularly in metaphorical contexts 352

where it can perpetuate negative stereotypes (e.g., 353

“blind to the truth”). In disability advocacy, there is 354

increasing emphasis on person-first language (e.g., 355

“person who is blind”) or identity-first language 356

(e.g., “blind person”), depending on individual and 357

community preferences. 358

For this second round, we aimed to curate a 359

larger annotation corpus for a more detailed analy- 360

sis. For each of the four keywords, we first identi- 361

fied 15 monographs and 10 manuscripts from the 362

collection through advanced keyword search. From 363

these, a list of 40 sentences were randomly selected 364

for each keyword (along with the previous and next 365

sentences for context), resulting in a curated anno- 366

tation corpus of 120 textual excerpts in total. The 367

annotation workshop comprised 12 annotators from 368

research teams within the main author’s University. 369

One annotator had a background in Linguistics 370

and all others had background in Computer Sci- 371

ence. The levels of experience ranged from early 372

career researchers (doctoral students, postdocs) to 373

senior lecturers. During the workshop, participants 374

were first introduced to the annotation protocol and 375

guidelines. Then, they worked in small groups of 376

three to annotate the selected sentences along the 377
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Figure 1: Publication dates of the documents in the
annotation corpus (grouped by decades).

dimensions discussed in §4 following a structured378

approach6.379

6 Analysis of annotations380

In this section, we analyse the results of the an-381

notation process described in §5. Specifically, we382

present a quantitative analysis regarding annota-383

tors’ agreement in §6.1. In addition, we present a384

qualitative analysis discussing the challenges and385

some of the interesting cases that were observed386

during the annotation process in §6.2.387

6.1 Quantitative Analysis388

The total size of the annotation corpus in terms of389

the actual sentences to be annotated, measured as390

count of words is 6717 (Abnormal - 1581, Blind391

- 1359, Cripple - 1749, and Demented - 2028).392

Firstly, we show in Figure 1 the distribution of393

the curated annotation corpus over time7 in terms394

of number of texts from each decade with respect to395

the different keywords. The corpus contains texts396

from a varied range of time periods, starting from397

1860s to 1980s. We notice that there is a peak in398

the 1910s, primarily driven by the word cripple,399

followed by abnormal. After this peak, there is a400

decline in document mentions during the 1920s and401

1930s, with a slight resurgence in the 1950s and402

1960s. The word blind sees a significant rise in the403

1950s, while demented appears more frequently in404

the 1960s and 1980s. Early decades from the 1860s405

to 1900s show consistent but lower occurrences of406

these terms.407

Figure 2 presents the distribution of labels ob-408

tained from the annotations for three different an-409

notation tasks across multiple keywords. The dis-410

6the annotations will be made publicly available
7wherever this information was explicitly available in the

metadata from the collection

Figure 2: Distribution of annotation labels across dif-
ferent tasks and datasets. The subfigures show the label
distributions for three annotation tasks: Use of Term,
Intent of Term, and Type of Disability.

tribution of labels for the first task reveals how 411

medical terms seep into common discourse, and 412

conversely, how colloquial expressions find their 413

way into formal diagnostic contexts. In our dataset, 414

cripple appears to lean more heavily into common 415

language usage, while the other keywords maintain 416

a more balanced representation between diagnos- 417

tic and everyday speech. In the second task, at 418

the neutral end (level 1), the terms begin with a 419

relatively descriptive, clinical approach. As the la- 420

bels progress through values 2 and 3, we see the 421

gradual introduction of more pejorative and stig- 422

matizing language. The transition is particularly 423

striking for cripple and demented, which shows a 424

significant shift towards more negative characteri- 425

zations. Finally, in the third task we see a substan- 426

tial agreement among annotators, with blind being 427

recognised as predominantly sensory-focused, tex- 428

titdemented as heavily weighted towards cognitive 429

characteristics, and cripple with strong physical 430
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Annotation
Task

Keyword Cκ Fκ Sρ

Intent
of Term

Abnormal 0.19 0.17 0.22
Blind 0.26 0.24 0.30
Cripple -0.12 -0.13 0.02
Demented 0.06 0.02 0.52

Use of
Term

Abnormal 0.26 0.25 -
Blind 0.07 0.04 -
Cripple -0.05 -0.08 -
Demented 0.36 0.36 -

Type of
Disability

Abnormal 0.20 0.18 -
Blind -0.08 -0.15 -
Cripple 0.33 -0.01 -
Demented 1.00 1.00 -

Table 1: Average Cohen’s Kappa (Cκ) and Fleiss’
Kappa (Fκ) for each annotation task and keyword.
Averaged Spearman’s Rank Correlation (Sρ) for the
Intent of Term annotations.

connotation. Abnormal stands out as displaying a431

more polysemous profile, including both cognitive432

and physical interpretations.433

6.1.1 Measuring annotator agreement434

To assess the consistency of the annotations and435

the degree to which annotators agree on the436

interpretation of the terms, we calculated Co-437

hen’s Kappa (Cohen, 1960) and Fleiss’ Kappa438

scores (Joseph and Fleiss, 2023) (Table 1). These439

statistical measures help quantify the level of agree-440

ment among annotators on the usage, intent, and441

classification of terms associated with disabili-442

ties. Cohen’s Kappa assesses pairwise agreement443

between annotators, while Fleiss’ Kappa evalu-444

ates the agreement across all annotators simultane-445

ously. We also calculated Spearman’s rank cor-446

relation (Spearman, 1961) to measure the level447

of agreement and variance among annotators who448

classified terms with varying degrees of offensive-449

ness.450

Cohen’s Kappa (Cκ). The averaged Cohen’s451

Kappa results reveal varying levels of agreement452

across annotation tasks and keywords. For the ‘In-453

tent of Term’ task, the agreement is generally low,454

with demented showing the highest value (0.06),455

and cripple showing a negative Cohen’s Kappa456

value (-0.12) indicating poor or no agreement be-457

tween raters. In the ‘Use of Term’ task, the high-458

est agreement is again seen with the keyword de-459

mented (0.36), while the keyword blind has the low-460

est agreement (0.07). The keyword cripple shows461

the lowest negative value (-0.05). In the ‘Type462

of Disability’ task, the agreement is stronger, par-463

ticularly for demented (1.00 indicating complete464

agreement), suggesting a higher level of consis- 465

tency in annotating this keyword. On the other 466

hand, other keywords show much lower agree- 467

ment, with blind showing the lowest score (-0.08). 468

Overall, these results suggest that the annotators 469

show varied levels of agreement when categorizing 470

disability-related keywords8. Keywords like de- 471

mented are more clearly interpreted by annotators, 472

leading to higher agreement, whereas cripple and 473

blind are perceived as more ambiguous or context- 474

dependent, highlighting the challenges in achieving 475

a consistent understanding of these terms, particu- 476

larly in contexts that might be socially or culturally 477

sensitive. 478

Fleiss’ Kappa (Fκ). This score (which measures 479

the agreement among all annotators simultane- 480

ously) generally indicates low-to-moderate agree- 481

ment across the keywords. In the ‘Use of Term’ 482

task, demented stands out with the highest Fleiss’ 483

Kappa, suggesting better consensus among annota- 484

tors, while cripple and blind show much lower 485

Fleiss’ Kappa values, indicating significant dis- 486

agreement. Notably, cripple has a negative Fleiss’ 487

Kappa in some tasks, reflecting widespread discord. 488

A common pattern across tasks is that the abnor- 489

mal and demented terms generally exhibit higher 490

agreement, whereas cripple and blind consistently 491

show lower scores9. 492

Spearman’s rank correlation (Sρ). For the ‘In- 493

tent of Term’, since the annotators rate terms 494

across categories ranging from neutral/descriptive 495

to highly offensive, Spearman’s correlation pro- 496

vides insight into how consistently these annotators 497

align in their evaluations. The average correlation 498

scores highlight differences in annotator agreement 499

across keywords. Demented has the highest overall 500

agreement (0.52), suggesting that annotators had 501

a more consistent understanding of how to clas- 502

sify this term. Blind (0.30) and abnormal (0.23) 503

show moderate agreement. In contrast, cripple has 504

the lowest agreement (0.02), indicating substantial 505

variation in interpretation, possibly due to its histor- 506

ical connotations and evolving societal perceptions. 507

This suggests that certain terms may be more prone 508

to subjective interpretation, impacting annotation 509

reliability10. 510

8pairwise scores are presented in the Appendix (Table 2)
9A visual representation of the Fleiss’ Kappa scores and

their variation across different terms is presented in the Ap-
pendix (Figure 3)

10detailed analysis and visualization in the Appendix
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6.2 Qualitative Analysis511

This section presents a qualitative analysis of an-512

notator disagreements during dataset annotation,513

which reflect the subjective nature of interpreting514

complex socio-linguistic constructs, especially in515

ethically and historically sensitive domains like516

disability-related language. Specifically, we dis-517

cuss the unique challenges in time-sensitive annota-518

tions, that we group into four categories: (1) subjec-519

tivity in the interpretation, (2) contextual influence520

on the annotation, (3) Historical and linguistic evo-521

lution, (4) Categorisation challenges11.522

6.2.1 Subjectivity in the interpretation523

Offensiveness vs. Stigmatization. The assess-524

ment of offensive language varied significantly525

across annotators. Although disability-related526

terms were not explicitly offensive in isolation, the527

surrounding context often conveyed stigmatizing528

messages. Annotators frequently highlighted por-529

trayals of disability that reinforced harmful stereo-530

types—for example, associating blindness with531

poverty, abnormality with criminality, or framing532

disabled individuals as obstacles to social and eco-533

nomic progress. Such implicit negativity influ-534

enced how terms were judged, leading to disagree-535

ment about their offensiveness.536

For example, in the sentence “The so-called537

‘cripples’ were confined to a separate wing of the538

institution”, one annotator viewed the term ‘crip-539

ples’ as mildly pejorative due to its stigmatizing540

undertones, while another interpreted it as neutral,541

reflecting historical norms. A third annotator took542

an intermediate position, recognizing the term’s543

outdated but non-hostile nature. These differences544

underscore the subjective nature of assessing offen-545

sive language, particularly in historical texts where546

social norms have evolved.547

Value of Qualitative Comments. The notes pro-548

vided by annotators offered valuable insight into549

their reasoning and highlighted the complexity of550

the task. For instance, one annotator remarked that551

while ‘abnormal’ could be interpreted as informal,552

the historical context suggested it carried diagnos-553

tic weight. Another comment noted that the term554

‘cripple’ felt stigmatizing but did not appear in-555

tended to insult. Such reflections underscore the556

importance of qualitative comments in resolving557

ambiguity and improving consistency in annota-558

tion.559

11further discussion and examples in Appendix B

6.2.2 Contextual influences on the annotation 560

Focus sentence vs. Whole context. In some 561

cases, annotators reported that the ratings of intent 562

of use would have been different based on whether 563

they should have considered just the focus sentence 564

or the whole context. Indeed, annotators found 565

instances in which the use of a word was mildly 566

offensive or not offensive at all, but their context 567

was very offensive or contained other offensive 568

words. For example, one original sentence con- 569

cerning ‘demented’ said that “dementia concerned 570

mental retrogression”, but the immediate context 571

after discussed “the intelligence of idiots and that 572

idiocy in all its degrees means arrested or retarded 573

development”. Such discrepancies contributed to 574

annotator disagreement, as some focused on the 575

standalone sentence while others considered the 576

full passage. This variability reveals the limitations 577

of narrow-span annotation when assessing offen- 578

sive language, especially in historical texts where 579

offensive intent or stigma may accumulate across 580

sentences. It also underscores the importance of 581

supporting larger-span annotations to better cap- 582

ture temporally sensitive shifts in language use and 583

meaning. 584

Unique Challenges in Semi-Structured Content. 585

The annotators felt that the task of annotating uses 586

of the potentially offensive words in titles, refer- 587

ences, and citations was fundamentally different 588

from doing so in free text, mostly due to the limited 589

context. 590

6.2.3 Historical and linguistics evolution 591

Influence of Historical Context on Meaning. 592

The historical context of language significantly in- 593

fluenced annotators’ decisions. Terms like ‘abnor- 594

mal’ and ‘cripple’ have undergone shifts in mean- 595

ing over time, from clinical or neutral descriptors 596

to terms with potential stigmatizing connotations. 597

Annotators’ varied responses reflect the difficulty 598

of balancing the original historical context with 599

modern understandings of disability language. 600

Semantic Change and the Origin of Slurs. 601

Prompted by the cross-analysis of their annotations, 602

the annotators openly discussed about the origin 603

of slurs and how offensive language comes into 604

existence in the first place. One annotator said that 605

slurs have “only appeared recently” and that “it 606

made no sense to have them back then, it is a newer 607

phenomenon”. The discussion focused on the fact 608

that there are probably no “intentional” slurs in the 609
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dataset (because of the medical domain, and be-610

cause of the time at which the text of the dataset611

was published), hypothesising that it is the post-hoc612

use of medical terms in discourse what prompts613

their semantic drift into offensive language.614

6.2.4 Categorisation challenges615

Formal Diagnosis vs. Common Language. An-616

notators faced challenges in classifying disability-617

related terms, particularly when distinguishing be-618

tween formal medical diagnoses and common or619

colloquial usage. For instance, the sentence “The620

child was described as abnormal in both behavior621

and appearance, requiring constant supervision”622

was interpreted differently. While one annotator623

classified it as common language, reflecting every-624

day usage, others marked it as a formal diagnosis,625

indicating a clinical context. This highlights the626

challenge of distinguishing between colloquial and627

medical language, especially when historical shifts628

in meaning blur the boundaries. For future time-629

sensitive annotations in disability sources we sug-630

gest practitioners to expand these two categories631

including, for instance, ‘medical use but not formal632

diagnosis’.633

Difficulties in Identifying Implied Disabilities.634

In some cases, annotators differed in marking im-635

plied disability types. For example, the sentence636

“The blind man had remarkable memory and nav-637

igated the town with ease" was identified as a638

reference to sensory disability by two annotators,639

while another overlooked the implication. This640

suggests that implicit references to disability, espe-641

cially when not explicitly stated, pose challenges642

for consistent annotation and require greater sensi-643

tivity to context.644

Multiple Dimensions of Medical Conditions.645

The annotators notes highlighted the difficulty in646

assigning one single category to some medical con-647

ditions. For example, for contexts that mentioned648

the condition epilepsy the annotators were unclear649

on whether this is a “cognitive” or a “sensory” con-650

dition; they would have perhaps selected both. This651

might change across different conditions.652

7 Observations and Conclusions653

The annotation disagreements described in §6 re-654

flect the inherent subjectivity in interpreting histor-655

ical texts that contain socially charged language.656

Annotators brought divergent perspectives on the657

historical role of terminology, the socio-political658

context of the sentences, and the contemporary 659

implications of stigmatizing language. These di- 660

vergences align with observations in prior research 661

that annotation of socio-psychological constructs 662

often entails subjective and multidimensional judg- 663

ments (Pavlick and Kwiatkowski, 2019). 664

The annotation guidelines provided to annotators 665

did not fully account for these interpretive differ- 666

ences. Future annotation tasks involving socially 667

sensitive language would benefit from clearer oper- 668

ational definitions, explicit guidance on balancing 669

historical and modern interpretations, and perhaps 670

more granular label schemes. Additionally, meth- 671

ods that embrace annotation disagreement such as 672

soft labeling (Wu et al., 2023) may better reflect 673

the inherent subjectivity of such tasks than tradi- 674

tional majority vote approaches. Other annotation 675

disagreement challenges, such as different readings 676

of a sentence’s tone, remain outside the capabilities 677

of textual representations and we consider them 678

much harder to address through annotation proto- 679

cols alone. 680

The findings from this analysis suggest sev- 681

eral implications for the development of annota- 682

tion schemes in the context of socio-political con- 683

structs and sensitive domains such as disability 684

discourse. First, annotation tasks involving socio- 685

psychological or politically charged constructs 686

should acknowledge that disagreements are not nec- 687

essarily indicative of noise, but may instead reflect 688

valid differences in perspective that offer richer in- 689

terpretive possibilities (Mostafazadeh Davani et al., 690

2022). Second, annotation protocols might benefit 691

from incorporating structured reflection or justi- 692

fication fields, prompting annotators to explicitly 693

state the reasoning behind their choices. Finally, 694

our study highlights the need for methodological 695

innovations in annotation aggregation. Majority 696

voting may obscure valuable minority perspectives 697

that offer critical insights into the data. Alterna- 698

tive approaches such as adjudication by discussion 699

or perspectivist approaches (Cabitza et al., 2023) 700

may be better suited to capturing the complexi- 701

ties inherent in the annotation of multidimensional 702

socio-linguistic phenomena. Our analysis shows 703

the deeply subjective nature of such annotation 704

tasks. In contexts where social and ethical con- 705

siderations intersect with linguistic analysis, dis- 706

agreements may be inevitable and even desirable, 707

provided they are systematically analysed and lever- 708

aged. 709
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Limitations710

In this study, we are aware of the following limi-711

tations. (1) We only focused on English language712

using readily available resources, thus providing a713

clear foundation for this study. However, exploring714

the applicability of this annotation protocol to other715

languages would be an important direction for fu-716

ture work, which could show interesting patterns717

about disability over time across languages. (2)718

We investigated a limited number of disability key-719

words. Although we diversified our data selection720

to account for multiple sources, multiple centuries,721

multiple intent of term, use of term and types of722

disability, future work should expand this anno-723

tation protocol to more disability keywords. (3)724

We did not conduct a fine-grained annotation anal-725

ysis based on annotators’ background. This was726

out-of-scope for this paper but we acknowledge the727

importance of this analysis for future work centered728

around subjectivity.729
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Term/Disability Type Cohen’s Kappa (A1 vs A2) Cohen’s Kappa (A1 vs A3) Cohen’s Kappa (A2 vs A3) Fleiss’ Kappa
Abnormal (Use of Term) 0.16 0.50 0.11 0.25
Blind (Use of Term) 0.21 -0.41 0.40 0.04
Cripple (Use of Term) 0.15 -0.07 -0.22 -0.08
Demented (Use of Term) 0.34 0.20 0.55 0.36
Abnormal (Intent of Term) 0.37 0.18 0.02 0.17
Blind (Intent of Term) 0.15 0.49 0.14 0.24
Cripple (Intent of Term) -0.13 -0.15 -0.09 -0.13
Demented (Intent of Term) 0.08 -0.11 0.22 0.02
Abnormal (Type of Disability) 0.19 0.43 -0.02 0.18
Blind (Type of Disability) -0.25 0.00 0.00 -0.15
Cripple (Type of Disability) 1.00 0.00 0.00 -0.01
Demented (Type of Disability) 1.00 1.00 1.00 1.00

Table 2: Kappa scores for different terms and types of disability.

Figure 3: Comparative analysis of the Fleiss’ Kappa
scores across different keywords and annotation tasks.

A1 and A3 (0.19) and A2 and A3 (-0.10) show915

weak to negative correlations, suggesting dis-916

crepancies in the way these annotators inter-917

preted the terms.918

• Blind: The correlation between A1 and A3919

(0.62) is relatively strong, indicating agree-920

ment between these two annotators. A1 and921

A2 (0.29) and A2 and A3 (-0.01) show weaker922

correlations, with A2 and A3 almost having923

no agreement at all.924

• Cripple: All correlations are weak, with A1925

and A2 (-0.06), A1 and A3 (0.02), and A2 and926

A3 (0.10), showing minimal or negative align-927

ment. This suggests significant divergence in928

Figure 4: Comparative analysis of the Spearman’s Rank
Correlation scores across different keywords for the
Intent annotations.

how these annotators approached the classifi- 929

cation of terms. 930

• Demented: The correlations are generally 931

higher, with A1 and A2 (0.47), A1 and A3 932

(0.55), and A2 and A3 (0.53) indicating a 933

moderate to strong agreement across all an- 934

notators, suggesting more consistency in how 935

these annotators rated the terms. 936

B Cases of Low Annotator Agreement 937

Here we present three examples of low annotator 938

agreement. 939

Example 1: “Joe Hanlon, a cripple, had tits, and 940

Cronin asked him for a match.” This is an account 941

from a journal, most likely documenting conditions 942

in an institutional setting—perhaps a psychiatric 943

hospital, asylum, or another care facility. The narra- 944

tor describes instances of abuse by a person named 945

Cronin, presumably a staff member or attendant, to- 946

wards several patients. The journal writer’s tone is 947

matter-of-fact, possibly reflecting either the norms 948
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of the time or an attempt to objectively record949

events. The language reflects the historical atti-950

tudes toward the term cripple are likely seen today951

as offensive, though they may have been considered952

clinical or neutral by the writer. In this sentence,953

the annotators unanimously categorized the use of954

term cripple as common language. However, their955

assessments of Intent diverged substantially. One956

annotator interpreted the intent as Outdated but957

Neutral, while another annotator labeled it Mildly958

Pejorative or Stigmatizing, and the third annota-959

tor classified it as Strongly Pejorative or Insulting.960

This variation may be attributed to different read-961

ings of the sentence’s tone. For one annotator, the962

use of cripple in this context may have reflected963

outdated but descriptive language, whereas another964

annotator may have perceived the sentence struc-965

ture and reference as dehumanizing, intensifying966

the perceived stigma. The third annotator’s annota-967

tion fellsbetween these extremes, reflecting uncer-968

tainty about whether the term is merely descriptive969

or carries additional pejorative force.970

Example 2: “In the heat of their technical testi-971

mony they forgot the cripple seated at the far end of972

the room.” In this case, two annotators labeled Use973

of Term as Formal Diagnosis, while the third an-974

notator categorized it as Common Language. The975

Intent annotations again showed marked variation:976

one annotator perceived the term as Outdated but977

Neutral, whereas another annotator assigned Mildly978

Pejorative or Stigmatizing, and the third annotator979

assigned Strongly Pejorative or Insulting. The sec-980

ond annotator’s notes indicate that their decision981

was guided by the broader context of the sentence,982

which they felt framed the reference to the cripple983

in a neutral, factual manner. The third annotator,984

on the other hand, appeared to prioritize the con-985

temporary offensiveness of the term. The disagree-986

ment over Use suggests differing interpretations987

of whether cripple was historically considered a988

formal medical designation or a colloquial term,989

showing the difficulty of aligning modern sensibili-990

ties with historical usage.991

Example 3: “The poor, the lame, the blind, the992

crippled, the outcast.” This sentence generated993

consistent annotations for Use of Term (all three994

annotators selected Common Language), but In-995

tent annotations were highly variable. The second996

annotator labeled it Neutral/Descriptive, suggest-997

ing an understanding that the sentence was listing998

marginalized groups without pejorative intent. In999

contrast, the first annotator classified it as Mildly1000

Pejorative or Stigmatizing, and the third annotator 1001

as Strongly Pejorative or Insulting. The inclusion 1002

of outcast alongside terms for disability may have 1003

contributed to the third annotator’s interpretation 1004

of heightened stigma. Furthermore, this annota- 1005

tor’s detailed notes, distinguishing between differ- 1006

ent types of disabilities referenced in the sentence 1007

(e.g., lame as physical, blind as sensory), suggest 1008

an analytic focus on the cumulative social exclu- 1009

sions implied by the sentence structure. 1010

12


	Introduction
	Background and Related Work
	Data Sources
	Annotation Protocol
	Annotation Process
	Analysis of annotations
	Quantitative Analysis
	Measuring annotator agreement

	Qualitative Analysis
	Subjectivity in the interpretation
	Contextual influences on the annotation
	Historical and linguistics evolution
	Categorisation challenges


	Observations and Conclusions
	Additional Results for Inter-annotator Agreement
	Cases of Low Annotator Agreement

